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Motivations

* The extension of Zhang et al. (2008)
 From English to multiple languages

_ e Both syntactic and semantic features
_

* Road-test the hand-written DELPH-IN
HPSG grammars being developed In
the past two decades
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Deep Linguistic Grammars

ERG (en)

« Dan Flickinger
 Coverage: 80.4%
GG (de)

« Berthold Crysmann, Peter Adolphs
 Coverage: 28.6%
JaCY (ja)

e Francis Bond

« Coverage: 42.7%
SRG (es)

* Montserrat Marimon
« Coverage: 7.5%

DELPH-IN

http://www.delph-in.net/




Dependency Backbone Extraction
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HPSG Parsing

« PET: Efficient HPSG Parser
o Chart-mapping-based re-tokenization
« Unknown word handling with POS mapping rules
 Efficient best-first parsing with ambiguity packing

« Retraining Parse Disambiguation Models

 QOriginal models trained with manually
disambiguated HPSG treebanks

* Retrained to maximize the agreement between
HPSG dependency backbone and CoNLL
unlabeled syntactic dependencies




MRS Features
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Experiment Settings

e Syntactic Parsing
« MST Parser

¢ Semantic Role Labeling

 MaxEnt-based pipeline of classifiers, with parameters
estimated with the open source TADM system; open
systems include extra MRS and HPSG DB features

¢ Parameter tuning

morph - N/A  + NA

open




Results
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Conclusion and Future Work

« The results clearly show that the integration of HPSG
parsing results in the semantic role labeling task
brings substantial performance improvement, even
where grammar coverage is low

« The gain is more significant on out-of-domain tests,
Indicating that the hybrid system is more robust to
cross-domain variation

« The closed SRL system needs to be improved in the
future




Thank You!

Welcome
to our poster!

Hybrid Multilingual Parsing with HPSG for Semantic Role Labeling

Yi Zhang
yzhang@ool uni-gh

Rui Wang | Samiand Uriversty Stephan Oepen | § umesyatose
wang@ooi uni-5h.oe (Gemany eB@fiuann bl VoW

_ Sy
Abstract

iz paoe: we ¥ esers o syacec ard seTr

ey parsing SySie, wWhich eviends e sysaem of e, Wang, & Uskorss {2008 in o
a5k Bunsiarial nprovemerts 12 e oen SRL task haus been chser

® ruislingual drecean, and
e HEEE pves w narcecrated rammas

e 75 43 orage

Experiment Settings

Depende: ac
From HPSG Analyses

Retraining Farse Disambiguation - RRrkmetes RO 1odtr® 385 08 O
Models i B fe i

puaranaiy zaze
1l 5, 0 B0 COB8C % g

FET: Efficient HEEE Parser

Cranmanpis

- -

Deep Linguistic Grammars
i g e ‘o

"
asor
=

5 parsing (RIS # 9 ERCEC 0B 1s

<l partonmence improwaart
>

w
Whes GrarmTr CoeraGE 15 T
0 it 3 Mo

DELN'"N - Zanor oeotoaain Was

CED

s an of or oa a0
Tt Gopas oa Cene

tracn Soms as Erotes

Aclfrwwla:lgrymnls

s 2 harks 75 Gars

5 fricad By e AIRE A
2 AR EED K ST LA, O DD A3

eaip progrars

saracton o s 35000 I e
2 SORCEANCII W SRR T IR

pro

o ausfe 1553

. 5. aknew UL Sommam - Fidkinge: 0. & kafer B (208) S s S0 of YR ML niage Earkng. i Bhussatiiph o 18 8 e el Sartasns G Langios s e ad EVGAnon M Masess
A R (AL A £k of ARSI for s & A maan, m Bicoeading o e & cfara iota o sl @AE0 (88 (53 5 Taige) Vaner

* el e Farasas P v 40 an Fae 1P aticn ity Bk g g Somiag Trad Agd Tk n P skt 3 = TEARLE.
B v g R A UG OOE Fhd Lo of Sandoni oy SEAed b SN 0L gyt e arted. 1 oSk 1 3 Ta

BE vancsuer, S
ToAth Sochind 24 £ Sro ALl AL S L e L daneg (S 08 M s




